Data Augmentation
The data augmentation step was performed to mitigate overfitting and to achieve a good generalisation by using two independent stategies for data augmentation. In the first type of augmentation, the shift image was generated by rigid translation of 32 pixels each in x and y direction ( Figure S1 (Top centre)). In the second type of augmentation, we applied mild non-rigid deformations to the input image and added low frequent intensity variation to obtain the final augmentation ( Figure S1 (bottom centre)). Both augmentation methods were performed using commercial software package Matlab 1 . The functions below describe the second strategy for altering input image I.
Generate deformation field on the original input image [x,y] = meshgrid(linspace(0,2*pi,size(I,2)),linspace(0,2*pi,size(I,1))) D = cos(a*rand(1)*x) + sin(a*rand(1)*x) + cos(a*rand(1)*y) + sin(a*rand(1)*y) D(:,:,2) = cos(a*rand(1)*x) + sin(a*rand(1)*x) + cos(a*rand(1)*y) + sin(a*rand (1) Add low frequent intensity variation Iv = 0.15*(cos(a*rand(1)*x) + sin(a*rand(1)*x) + cos(a*rand(1)*y) + sin(a*rand(1)*y)) It = Iw + Iv It = It/max(It(:))
2/3 Threshold Selection
In order to shed some light on threshold selection we computed the Accuracy, Precision, F1 Score and the Youden-Index (to maximize both sensitivity and specificity). Our results indicate that 0.5 yields the best compromise of the metrics and has therefore been selected for generating the final segmentation results. The results from the analysis on different thresholds have been summarised in Supplementary Figure S2 . Figure S2 . Threshold Selection: Qualitative metrics for different thresholds. As shown in the figure, 0.5 provides the optimal cut-off for threshold selection.
